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[Abstract] The purpose of this paper was to introduce the construction and solution of multi-level multiple logistic regression
models for unpaired design binary data. Firstly, the related concepts of the model and the principle and construction of the model were
introduced. The SAS software was used to analyze the contingency table data of the example. The model was constructed and solved by
proc glimmix and proc nlmixed procedures, and the related results were explained and compared.
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data aa;
do zhongxin=1 to 15;
do drug=0to 1;
doy=0to 1;
input f @@
doi-1tof
output;
end;end;end;end;
datalines;
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run;
ods html ; [#2%/
proc glimmix method=rspl;
class zhongxin;
model y (event='0") =/s dist=binary link=logit ddfm=
bw;
random int/sub=zhongxin ;
run;
proc nlmixed ; [#3%/
parms b0=-0. 3018 v_u0=0. 5988;
z=b0+u0j;
if (y=0) then p=exp (z)/(1+exp(z) ) ; else p=1-(exp
(z)/(1+exp(z)));
l=log(p);
model y~general (11) ;
random u0j~normal (0, v_u0) sub=zhongxin;
estimate’ICC’ v_u0/(v_u0+3. 289868134 ) ;
run;
proc glimmix method=rspl; [*4%/
class zhongxin;
model y (event= '0") =drug/s dist=binary link=logit
ddfm=bw noint;
random int/sub=zhongxin;
run;
proc nlmixed ; [*5%/
parmsb1=-0. 4343 v_u0=0. 5984; z=b1*drug+u0j;
if (y=0) then p=exp (z)/(1+exp(z) ) ; else p=1-(exp
(z)/(1+exp(z)));
l=log(p);
model y~general (11) ;
random u()j~normal(0 ,v_u0) sub=zhongxin;
run;
ods html close;
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proc nlmixed ;

parms bO= bl= v_u0= cov_uOl= v_ul= ; z=b0+
b1*drug+uQj+ulj;

if (y=0) then p=exp (z)/(1+exp(z) ) ; else p=1-(exp
(z)/(1+exp(z)));

l1=log(p);

model y~general (11) ;

random u0j ulj~normal ( [0,0], [v._u0, cov_uOl,
v_ul]) sub=zhongxin;

run;
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-2 Res Log Pseudo-Likelihood 4100. 75
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AIC (smaller is better) 1229. 1
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