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[Abstract] The purpose of this paper was to introduce the construction and solution of one—level multiple logistic regression
models for unpaired design multi-value ordered data. This paper introduced the principle and methods of cumulative logistic
regression model in detail, and introduced how to use the LOGISTIC procedure of SAS software to fit the regression model, and
explained the results of the screening independent variables by using stepwise method. In addition, the paper discussed the problems
that should be paid attention to in the process of constructing the cumulative logistic regression model, such as independent variable
selection, model evaluation and model fitting.
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1D Sex ql NLV* HDT" LVEF LVDED HBDB VLDL LPa Hey DS
1 2 7 3 2 1 57 203 0.49 12.6 12.7 3
2 2 9 3 1 1 50 144 0. 49 52.0 10.9 2
3 1 9 3 1 0 54 105 0.51 29.6 21.7 3
205 1 5 2 1 0 49 121 0.91 16.3 11.6 1
206 1 6 3 2 1 56 463 0. 69 13.0 13.6 3
207 1 16 3 2 1 58 131 0. 40 27.0 13.1 3

1 s sex=ME 5 ql=HF i s NLV=J5 07 #0 1fi 45905 28 340 HDT=76 o S A
B[ ; LPa=8 & [ a; Hey= R 2 24 e 20 1% 5 DS=1M0 45 Bk 28 T2 % a=1.2.,
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data DS;
input Sex ql NLV HDT LVEF LVDED HBDH VLDL
LPa Hey DS @@;

cards;

2 7 3 2 1 57 203 0.49 12.6 12.7
29311 50 144 0.49 52.0 10.9
1 9310 54 105 0.51 29.6 21.7

W N W

1 5210 49 121 0.91 16.3 11.6
1 6 3 21 56 463 0.69 13.0 13.6
116 3 2 1 58 131 0.40 27.0 13.1

W W =

proc logistic data=DS;

class NLV (ref="3");

model DS= Sex ql NLV HDT LVEF LVDED HBDH
VLDL LPa Hey /selection=stepwise sle=0.10 sls
=0. 15;

run;

proc logistic data=DS;

class NLV (ref=first) ;

model DS= Sex---Hecy /selection=forward sle=0. 10;
run;

proc logistic data=DS;

class NLV (ref="3");

model DS= Sex ---Hcy /selection=backward sls=0. 15;
run;
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Parameter DF Estimate
Intercept 1 1 7.7648
Intercept 2 1 8. 7607
QL 1 -0. 0868
HDT 1 -1. 1481
NLV 1 1 0. 7861
NLV 2 1 0. 9094
LVDED 1 -0. 1370
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7.7648 — 0.0868x, — 1.1481x, + 0.7861x;, + 0.9094x,, — 0.1370x,
e 3 3

L= 1+ 7.7648 — 0.0868x, — 1.1481x, + 0.7861x5, + 0.9094x,, — 0.1370x,
¢ ,
8.7607 - 0.0868x, — 1.1481x, +0.786 15, +0.9094x 5, - 0.1370x,
e : :
P, +P,=
1+ 68.7607—0.0868x| ~ 1.1481x, +0.786 x5, +0.9094x,, - 0.1370x,
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95% Wald
Effect  Point Estimate ] o
Confidence Limits

QL 0.917 0. 844 0. 996
HDT 0.317 0.132 0.761
NLV 2.195 0. 689 6. 988
NLV 2.483 1.302 4.733
LVDED 0.872 0.811 0. 094
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Standard Wald .
Error Chi-Square Pr> Chisq
1.8673 17.2919 <0. 0001
1. 8896 21.4956 <0. 0001
0. 0434 4.1839 0. 0408
0. 44064 6.6142 0.0101
0. 5909 1. 1798 0.1834
0.3292 7.6330 0. 0057
0.0372 13. 5907 0. 0002
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