PYJIRS B B2E 2019 4E45 32 55 611

http : //www. psychjm. net. cn

SRR T 2 7 TRk
% i Logistic [PI)15 Bt

AR F R YRR
(1. REERR AL AP DA G20, KEE 300070;
2. R A R 22 A S IR R BG4 Ll 2 B2 2%, b5 100029
3. EFPLEEENIS AR AL AT 100850
SHAFER 2K, E-mail : 1067181059@qq. com)

[E] ACHRNEE MBS 2B LR — K25 logistic [HFBI AR EE , I8 A A S mg 2 ] i 22
5o RHISAS H1 1 LOGISTIC i F2 AT SURVEYLOGISTIC 33 2 , 73 5il4% BEUR 75 25 JEAM AR 1T 5 02 76 25 I RE A E 4L 4 FhayrHi o
M ST AR A LT S logistic FIERERY, I LLACEE B . AN MM T A 45 5 o , NS EUh T HE L B1E R BbR iR (OR (8 K H:
BT RN A THECA B 22 31, T BN AR R A i B B A 52 . BRI, E X B A RE TR A T 2 48 SRR )
logistics [ JARETI , REEEE SRR, )CEARMUIAE AL SR , 75 0 B AR AS i R A8, th 2 R BUER I HEW 2518 .

[SE8EiE] Bt 224 LHOR; Logistic A 5T s AAAN TR

RESES:R195. 1 XERFRINAG ;A doi: 10. 11886/scjsws20191119005

One-level multiple Logistic regression analysis of the multi—value nominal data
collected from the complex sampling survey design

Liu Yuanyuan', Li Changping"*, Hu Liangping™”
(1. Department of Health Statistics , School of Public Health , Tianjin Medical University , Tianjin 300070, China;
2. Specialty Committee of Clinical Scientific Research Statistics of World Federation of Chinese Medicine Societies , Beijing
100029, China;
3. Graduate School , Academy of Military Sciences PLA China, Beijing 100850, China
*Corresponding author: Li Changping, E-mail: 1067181059@qq. com)

[Abstract] The purpose of this article was to introduce the construction of multiple logistic regression models with multi-value
nominal data collected from the complex sampling survey design, and to explore the differences between different strategies. Using the
LOGISTIC procedure and the SURVEYLOGISTIC procedure in SAS software, generalized logistics regression models were constructed
based on whether the sampling design or the sampling weights were considered, and the results were compared. The results obtained
by different analysis strategies showed that not only the values of parameter estimation, the standard error of the regression
coefficients, the OR value and its confidence intervals were different, but also the explanatory variables in the established models were
also different. When constructing a generalized logistics regression model for multi—value nominal data of complex sampling design,
both the sampling design and the sampling weights should be considered. Otherwise, even if the sample size was large enough, it
would lead to the erroneous inference conclusions.
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class sex race income;
model insurance=sex race income expenditure/ link=glogit ;
run;

[ULFH Jclass iF4)46 E /328748 Bt sex race \income;;

model 1E/A] F I i A8 & A Y= insurance, L) insurance=3

RS kAR i (B H A2 ) M sex race income
i expenditure, £ MODEL i &) W #8 % T LINK=
GLOGIT LI, B2 U5 X logit [0, R f
BYZ H logistic [FI Y

2.2.1.2 FEHHERNER

B RAUIRAS T B
S insurance HEE bt tsdERZE Wald K5 P>k Jr
Intercept ANY PRIVATE 1 2.574 15.748 0.027  0.870
Intercept PUBLIC ONLY 1 1.806 15.748 0.013  0.909
SEX FEMALE ANY PRIVATE 1 0.063  0.020 10.016  0.002
SEX FEMALE PUBLIC ONLY 1 0.141  0.024 35.971 <0.001
race ALEUT, ESKIMO ANY PRIVATE 1 6.914 62.992 0.012 0.913
race ALEUT, ESKIMO PUBLIC ONLY 1 7.648 62.992 0.015 0.903
race AMERICAN INDIAN ANY PRIVATE 1 -1.812 15.749 0.013  0.908
race AMERICAN INDIAN PUBLIC ONLY 1 —-1.888 15.749 0.014  0.905
race ASIAN OR PACIFIC ISLANDER ANY PRIVATE 1 -1.918 15.748 0.015  0.903
race ASIAN OR PACIFIC ISLANDER PUBLIC ONLY 1 -2.097 15.748 0.018 0.89%4
race BLACK ANY PRIVATE 1 -1.575 15.748 0.010  0.920
race BLACK PUBLIC ONLY 1 —-1.587 15.748 0.010  0.920
income HIGH INCOME ANY PRIVATE 1 1. 484 0.044 1144.682 <0.001
income HIGH INCOME PUBLIC ONLY 1 -0.442  0.062 51.098 <0.001
income LOW INCOME ANY PRIVATE 1 -0.257  0.039 43.628 <0.001
income LOW INCOME PUBLIC ONLY 1 -0.081 0.046 3.059  0.080
income MIDDLE INCOME ANY PRIVATE 1 0. 629 0. 035 322.482 <0.001
income MIDDLE INCOME PUBLIC ONLY 1 -0.436  0.047 87.628 <0.001
income NEAR POOR ANY PRIVATE 1 -0.813  0.058 193.372 <0.001
income NEAR POOR PUBLIC ONLY 1 0.231  0.061 14.425  0.000
expenditure ANY PRIVATE 1 0.000 0.000  261.668 <0.001
expenditure PUBLIC ONLY 1 0.000  0.000 309. 626 <0.001
LAttt
N insurance AT 95% Wald E{ZBR

SEX MALE-FEMALE ANY PRIVATE 1.134 1.049 1.227

SEX MALE-FEMALE PUBLIC ONLY 1.327 1.210 1.455

race WHITE-ALEUT, ESKIMO ANY PRIVATE >9099.999 <0.001 >999.999

race WHITE-ALEUT, ESKIMO PUBLIC ONLY >999.999 <0.001 >999.999

race WHITE-AMERICAN INDIAN ANY PRIVATE 0.816 0.567 1.174

race WHITE-AMERICAN INDIAN PUBLIC ONLY 1.206 0.811 1.792

race WHITE-ASIAN OR PACIFIC ISLANDER ANY PRIVATE 0.734 0.613 0.879
race WHITE-ASIAN OR PACIFIC ISLANDER PUBLIC ONLY 0.978 0.787 1.215
race WHITE-BLACK ANY PRIVATE 1.035 0.927 1.156

race WHITE-BLACK PUBLIC ONLY 1.629 1.444 1.838

income NEGATIVE OR POOR-HIGH INCOME ~ ANY PRIVATE 12.506 10.948 14.286
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strata stratum
cluster cluster;
class sex race income;
model insurance = sex race income expenditure/ link=
glogit;
run;
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PUBLIC ONLY 0.310 0.263 0.366
ANY PRIVATE 2.192 1.939 2.478
PUBLIC ONLY 0.445 0.393 0.505
ANY PRIVATE 5.320 4.742 5.968
PUBLIC ONLY 0.312 0.275 0.355
ANY PRIVATE 1.258 1.067 1.484
PUBLIC ONLY 0.608 0.518 0.714
ANY PRIVATE 1.000 1.000 1.000
PUBLIC ONLY 1.000 1.000 1.000
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run;
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