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[Abstract] The main purpose of this study was to introduce some methods for the test of the proportional hazards
assumption. The graphical methods of testing the assumption were subjective because they were plotted and then manually judged
whether they met the proportional hazards assumption. Based on the graphical methods, this article introduced some common
methods, based on the Goodness—of—fit, for testing the assumption of proportional hazards from an objective perspective, mainly
including two types, one was based on the residual test, the other was to construct the interaction terms of covariates by time. First
of all, the principle of the above method was explained, and then the implementation of the method in SAS software was introduced
through an example.
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(Dproc phreg data=myeloma zph (global transform
=1.0G);

class platelet frac;

model time*vstatus(0) =LogBUN HGB Platelet
Age LogWBC Frac LogPBM Protein Scalc/ selection=s;

LogPBM Protein Scale/ selection=s;

Run;

@proc phreg data=myeloma;

class platelet frac;

model time*vstatus (0) =LogBUN HGB Platelet
Age LogWBC Frac
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LogPBM Protein Scale LogBUNt HGBt Aget

LogWBCt LogPBMt Proteint Scalct/ selection=s;

LogBUNt=LogBUN*log(time) ;

HGBt=HGB* log(time ) ;

Aget=Age*log(time) ;

LogWBCt=logwhc*log(time) ;

LogPBMt=logpbm*log(time) ;

Proteint=protein*log(time ) ;

Scalct=Scalc*log(time)

run;
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LogBUN 1 1. 67440 0. 61209 7.4833 0. 0062 5.336
HGB 1 -0. 11899 0. 05751 4.2811 0. 0385 0.888
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LOG LogBUN -0.3147 6. 6837 0. 0097 -2.25

LOG HGB -0.0310 0. 0429 0. 8360 -0.21

LOG Global 6. 6966 0. 0351
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HGB 1 -0. 13256 0. 05914 5.0246 0. 0250 0.876
LogBUNt 1 -1.52671 0. 59302 6.6279 0. 0100 0.217
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