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[Abstract] This article mainly introduced the related contents of constructing Cox’s non—proportional hazards regression model
using PHREG procedure and MCMC procedure based on Bayesian theory, and its SAS software implementation. In the MCMC
procedure, there were two methods to construct the model, one is to use the GENERAL function in the MODEL statement after
transposing the observations, the other is to use the JOINTMODEL option in the MCMC process without transposing the observations.
The results were basically consistent.
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proc phreg data=Myeloma;

model Time*VStatus (0) =LogBUN z2 HGB z3
Platelet z4;

z2 = Time*LogBUN;

z3 = Time*HGB;

z4 = Time*Platelet ;

bayes seed=1 nme=10000;

run;
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LogBUN 10000 3.2266 0.8161 1. 6450 4.7742
72 10000 -0. 1395 0.0473 -0. 2301 -0. 0450
HGB 10000 —-0. 0389 0. 0994 -0.2275 0. 1605
73 10000 —-0. 00406 0. 00356 -0.0110 0. 00296
Platelet 10000 0. 3647 0. 7499 —-1. 0269 1. 8955
74 10000 -0. 0411 0. 0370 -0.1143 0. 0309
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Posterior Summaries and Intervals

Parameter N Mean
betal 50000 3.2397
beta2 50000 -0. 1411
beta3 50000 -0. 0369
betad 50000 -0. 00409
beta5 50000 0. 3548
beta6 50000 -0. 0417
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Standard Deviation

95% HPD Interval

0. 8226 1. 6664 4. 8752
0.0471 -0. 2294 -0. 0458
0. 1017 -0. 2272 0. 1685
0. 00360 -0.0112 0. 00264
0.7359 -1.039%4 1. 8100
0. 0359 -0. 1122 0. 0269
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