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[ Abstract] Complex sampling is the sampling plan of other sampling methods or their combination , except a simple random
sampling of one stage in the process of sampling. This paper presented a macro overview of the characteristics of complex sampling
data, the main points of the difference analysis and multiple regression analysis based on the complex survey data , and the key points

of multiple regression analysis of survey survival data. The paper could provide references for the researchers to better understand and

implement the analysis of complex sampling data .
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