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[ Abstract] The aim of this article is to introduce the preconditions, categories, SAS programs and the results interpretation of

the simple linear regression analysis to illustrate how to choose the correct regression model and whether the data is worth regression

analysis. There are three kinds of simple linear regression analyses: simple linear regression analysis, weighted linear regression analy-

sis and repeated experimental linear regression analysis. The following examples are used to illustrate different simple linear regression

analyses and the corresponding SAS programs required to perform these linear regression analyses and their results.
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dose n response dose n response
1 10 1 5 12 8
2 12 2 6 10 8
3 10 4 7 10 10
4 10 5

i :dose AR B, n RRE MR EHNZIWE, response {LEEAF

data a; input Dose N Response @ @ ; datalines;

10
10
10

run;

1 2 12
5 5 12
10

2 3
8 6

10 4
10 8

Proc probit logl0 data = a; model Response/N = Dose

BRI / lackfit inversecl itprint;
(5@ A% 4 BRFFMAEZRBIA output out =B p = Prob std = std xbeta = xbeta; run;
ST R SAS BRIF I F - SRR IES,
x5 SEMhH
Analysis of Maximum Likelihood Parameter Estimates
Parameter DF Estimate Standard Error 95% Confidence Limits Chi -~ Square Pr > ChiSq
Intercept 1 -1.8127 0.4493 -2.6934 -0.9320 16.27 <. 0001
Logl0( Dose) 1 3.4181 0.7455 1.9569 4.8794 21.02 <. 000t
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Probit Analysis on Dose

Probability 95% Fiducial Limits

Dose

0.50 3.39096 2.61175 4.27138
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R7 FTRAMERETOIERAHNER

MAFEARER Y(g/dL)
MR X(% )
2 3
10 3.2 3.1 3.3
20 6.2 6.2 6.2
30 9.2 9.3 9.2
40 12.3 12.4 12.2
50 15.6 15.2 15.4
60 18.3 18.2 18.3
70 21.1 21.3 21.3
80 23.9 23.8 23.7
90 26.5 26.4 26.4
100 29.0 29.1 28.9

[ 5@E)] WRT BRFETRAEEZRAR
BT EZ R T TR B SAS BT AF -
data b; input x n@@ ; g=_n_; doi=1 ton; input y
@@ ; output; end; cards;

10 3 3.23.133 20 3 6.2 6.2 6.2
30 3 9.2 9.3 9.2 40 3 12.312.412.2
50 3 15.615.215.4 60 3 18.318.218.3
70 3 21.121.321.3 80 3 23.923.823.7
90 3 26.526.426.4 100 3 29.029.128.9
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run;
proc glm data =b; class g;model y =x g/ssl; run;

proc reg data =b; model y =x; run;

FAE R 00 B L& 34 W 18] B 4R 1)
athd 7RIS, B8RS BRI ELE NI
BEEAURFMISHENTR ., RUKRBRNE
RREKS,

x8 FHABMNARBER

" B E 18 FJrfa 2y Fi Pr>F
x 1 2062. 667677 2062. 667677 199613 <0.0001
g 8 2.444323 0.305540 29.57 <0.0001
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