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[Abstract] The purpose of this paper was to introduce the fundamental knowledge related to the regression analysis of the count
data. Firstly the data type was introduced since it was the basic knowledge for selecting the methods of statistical analysis rationally.
Secondly binomial distribution Poisson distribution and negative binomial distribution were given for the probability distributions of
the three kinds of discrete random variables were the important evidence for building the regression model of the count data. Finally
the five distinct distributional features of the count data were stated including: (Dthe low — dispersion count data with the variance to
be less than the arithmetic mean; @the general count data with the variance to be equal to the arithmetic mean; @the over — dispersion
count data with the variance to be greater than the arithmetic mean; (@Dthe count data in which the discrete random variable taken two
kinds of values one was zero value with the big probability and the other was non — zero positive integer values with the Poisson
distribution the count data were called the zero — inflated count data; Bthe count data in which the discrete random variable taken two
kinds of values one was zero value with the big probability and the other was non — zero positive integer values with the negative
binomial distribution the count data were also called the zero — inflated count data. Based on the knowledge mentioned above it was
very useful for building a suitable regression model of the count data.

[Keywords] Data type; Count data; Binomial distribution; Poisson distribution; Negative binomial distribution; Low — dispersion;

Over — dispersion; Zero — inflation
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