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[Abstract] The purpose of this paper was to introduce the approach of multiple Logistic regression analysis for the binary data
collected from the m: n paired design. Firstly, the basic concepts that need to be understood were introduced. Secondly, the basic
principle of constructing such regression model was presented. Finally, the whole process of computing with SAS was shown by an
example. In this process, the following four useful enlightenments had been obtained: (D it was necessary to ensure that the scientific
research data obtained were worth analyzing; @) it was necessary to generate the derived variables based on quantitative independent

”

variables; (3 it was necessary to adopt the “stepwise method” “forward method” and “backward method” to screen the independent
variables at the same time; @ it was necessary to use several approaches to evaluate the goodness of fit of the different regression
models.
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data a;

infile’D :\sastjfx\datal0_4. txt’;
inputid Y A X1-X5 @@;
age=A;

run;
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proc logistic data=a descending;
model Y=age X1-X5/selection=backward sls=0. 05;
strata A ;
run;
quit;
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data b;
set a;

wl=age*age; w2=age*Xl;
w3=age*X2; w4=X1*X1;
wS=X1%X2; wo6=X2%X2;
w7=age*age*age; w8=X1*X1*X1;
w9=X2*X2*X2; wl0=logl0(age);
wll=logl0(X1); wl2=logl0(X2);
wl3=exp(age); wld=exp(X1);
w15=exp(X2); wl6=w13/(1+wl3);
wl7=w14/(1+w14); wl8=wl5/(1+wl5);
wl19=1/age;w20=1/X1; w21=1/X2;
run;
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proc logistic data=b descending;
model Y=age X1-X5 wl-w21/selection=backward sls
=0. 05;
strata A;
run;

quit;
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proc logistic data=a descending;
model Y=X2;strata A;
output out=aaal p=prob;
run;quit;
data bbbl;
set aaal ;
if prob>0. 32 then yhat=1;
else if prob<=0. 32 then yhat=0;
proc freq data=bbbl;
tables y*yhat/agree ; test kappa;

run;
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proc logistic data=b descending;
model Y=X2 W2 W8 WO;strata A;
output out=aaa2 p=prob; run; quit;
data bbb2;

set aaa2;

if prob>0. 35 then yhat=1;

else if prob<=0. 35 then yhat=0;
proc freq data=bbb2;

tables y*yhat/agree ; test kappa;

run;
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