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[ Abstract] This paper revealed the practical application value of the adaptive regression model through a data set with eight
noise variables. Under the premise that the data set had a close quantitative relationship between two independent variables and the
dependent variable, the influence of the noise variables on the adaptive regression model was close to zero. Under the preconditions that
the data set had a close quantitative relationship between an independent variable and the dependent variable, the adaptive regression
model was remarkably affected by the noise variables, and the results showed a certain degree of " distortion" . Under the premise that
the data set did not have a close quantitative relationship between the independent variables and the dependent variable, the adaptive
regression model was greatly affected by the noise variables, and the results of the analysis were completely unreliable. The conclusion
was reached as follows: the adaptive regression analysis model was not universal, and the credibility of the results came from the
approach mentioned above depended on whether the data set truly contained " the regularity of objective existence" .
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1.2 F SAS £/ FiRERERY 5%

1.2.1 EHRE& 11 MTERE 400 W N{EFE
ER SAS 1B

data artificial ;

drop i;
array x| 10 |;
doi=1 to400;
doj=1to10;
X j i = ranuni( 1);
end;
y=40 xexp( 8 x((x1 =0.5) % %2 +(x2-0.5)
x %2))/
Obs X X, X3 Xy X5
1 0. 18496 0.97009 0.39982 0.25940 0.92160
2 0.85339 0.06718 0.95702 0.29719 0.27261
3 0.47579 0. 84499 0.63452 0.59036 0.58258
4 0.39104 0.47243 0.67953 0. 16809 0. 16653
5 0.51132 0.43320 0.17611 0. 66504 0.40482
6 0.52238 0.34337 0.02271 0.71289 0.93706
7 0.42071 0.07174 0.35849 0.71143 0. 18985
8 0.91744 0.52584 0.73182 0.90522 0.57600
9 0.42137 0.03798 0.27081 0.42773 0.82010
10 0.54340 0.61257 0.55291 0.73591 0.37186

1.3 HIBEHNEER

1 = B E 40 ~ 17 2 IR ELII M\ B4 57 45
A RS R T2 2 T AR 7 10y S A
SRR LI — R B 0.
7% 17 BORRUEIE 2540 T BEHLAS B HUC s
199, AR AVE R, EL y SURHT

x, A x, IR, AL F %, ~x,, 1X 8 PMEH
1.4 [EESHEER

[ Sl 1] J T iR i Al 48 s y AR T
X; ~ Xy Y ZH B RIARL

[ Sl 2 ] TR i Hidi 48 it r y MR T
x, Ml x, ~x,, 2 FEBRIC BIEFE x, ),

[ 59 3 ] TRk iy £iodl 45 ol sr y Mg T
X, ~ X, M2 H [FEAR AR B AT x, ).

[ Sef] 4 ] BT RR A BE 4 LT y 1R T
Xy ~ X, I H PRI BD 5 x, Al x, ).

102

exp( 8 #((x1 =0.2 )% 2 +(x2-0.7)
£ %2))+
exp( 8 #((x1 =0.7 )% 2 +(x2-0.2)
% %2))) +rannor{ 1 );

output;

end;

run;
1.2.2  HrHHEHEERT 10 NMETEER SAS F2F

proc print data = artificial( obs =10 );
var x1 —x10 y;

run;

1.2.3 HHEIEER 10 W

Xg X7 Xg Xg X0 y
0.96928  0.54298  0.53169  0.04979  0.06657 —0.08496
0.68993 0.97676  0.22651 0.68824  0.41276 0.39759
0.37701 0.72836  0.50660  0.93121 0.92912 2.07362
0.87110  0.29879  0.93464  0.90047  0.56878 9.09919
0.12455 0.45349  0.19955 0.57484  0.73847 8.26384
0.44599  0.94694  0.71290  0.10327  0.17517 4.99275
0.14797  0.56184  0.27011 0.32520  0.56918 2.61939
0.18794  0.33133  0.69887  0.12156  0.18067 1.06047
0.84345 0.87691 0.26722  0.30602  0.39705 4.63711
0.64565  0.55718  0.87504  0.57124  0.75677 7.93675

2 FF ADAPTIVEREG 32zl ' 2!
2.1 IFSEHI 1 HTE R E T4

2.1.1 FAEEMSAS BTRESER

ods graphics onj;
proc adaptivereg data = artificial plots = fit;
model y =x1 —x10;

run;

2.1.2 SASHIHERRER

MEGETHE
GCV 1.55656
GCV R - Square 0.86166
Effective Degrees of Freedom 27
R - Square 0.87910
Adjusted R - Square 0.87503
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1. 40260
Average Square Error 1.35351
LR ESeita” H3HEgs R R R}
HIRLE L BB GCV = 1. 55656 ; R* FIYE%E R* 4351
4 0.87910 F1 0. 87503 ; 34 75 1= 25 FI V-3 - J5 iRk 25
AR5 1.40260 F11.35351
Ti1) J 16 S 1 (] U e SR A A6

Mean Square Error

R S L w4
BasisO 12.3031 Intercept

Basisl 13.1804 Basis0 x1 0. 05982
Basis3  -23.4892 Basis0 x2 0.1387
Basisd —171.03 Basis0 x2  0.1387
Basis5  -86.1867 Basis3 x1 0.6333
Basis7 -436.86 Basis4 x1 0.5488
Basis8 397.18 Basis4 x1 0.5488
Basis9 11.4682 Basisl x2 0. 6755
Basis10 -19.1796 Basisl x2  0.6755
Basis13  126.84 Basisl1 x1 0.6018
Basis14 40.8134  Basisll x1 0.6018
Basis15 22.2884 Basis0 x1 0.7170
Basis17 -53.8746  Basisl2 x1 0.2269
Basis19  598. 89 Basis4 x1 0.2558
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ANOVA 4t
TrRetE sy Rk DF E%\%( e
JA0 GCV
X, 2 4 405.18 1.1075
X, 2 4 947.87 2.6348
X X, 9 18 2583.21 6.6187
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2.2 XHSEB2 BATEREE RS
FREZER SAS SRR

TER A ) SAS i #2252 7 1) “ MODEL 15 7] ”
FORE A x, BI],

2.2.2 SASHIHERRERE
AN H e — R o 4

2.2.1

A

At AL A
X, 9 100. 00
X, 2 26.54
X3 5 12.10
X 2 11.32
Xg 1 8.77
X, 2 7.83
X, 2 3.78
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FTBEER SAS BRSERF

TER A ) SAS i #2252 3 1) “ MODEL 15 7] ”
LR E A, BT,

2.3.2 SASHIHEERRERE
TR e m — 3B o a5

2.3.1

B R
X, 11 100. 00
X 2 29.25
Xs 2 19.20
X 2 14.95
X, 1 7.38
X, 1 6.12
Xg 2 3.90
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FREZER SAS TS EF

TER A ) SAS i #2245 2 7 1) “ MODEL 15 7] ”
HORE xR x, BT

2.4.2 SASHIHGERRERE
AN H e — R 4

2.4.1

7 i E B
7 b 5 M
X 6 100. 00
X, 2 60.87
X, 2 42.66
X 1 16.58
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